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Graph Sparsification for Semi-supervised
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Koner Ozak1, ! Mamoru KomacHr, !
MasasHI SHIMBO™! and YuJjr MatsumoTof!

Word sense disambiguation (WSD) is one of the central problem in natu-
ral language processing. It has many applications such as document indexing
for information retrieval and word selection in machine translation. Mean-
while, it is reported that the graph construction influences graph-based semi-
supervised learning methods, and a new approach for graph sparsification called
b-matching graph has been proposed. However, in previous graph-based WSD,
no research has focused on graph sparsification. We compare graph sparsifica-
tion methods in conjunction with inference methods and show that b-matching
graph produces better prediction accuracy in WSD. In addition, We introduce a
metric to measure how well the cluster assumption holds and show b-matching
graph satisfies cluster assumption much more than k-nearest neighbors graph.
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