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Extracting Spatio-Temporal Local Features
for Classifying Web Video Shots

AxiTsuau NocucHI™! and KEr Yanarf!

Nowadays, there is a large amount of video data on the Web. Most of videos
on the Web have keyword tags for text-based search. However, tags do not
always reflect the contents of videos, so that content-based video search is
needed. Then, in this paper, we propose a new spatio-temporal feature and a
feature fusion method based on Multiple Kernel Learning (MKL) for classify-
ing Web video shots. We made experiments on supervised shot ranking and
unsupervised shot clustering. As results, we obtained 57.2% as the precision
rate regarding top-ranked 200 shots using only the spatio-temporal feature. By
utilizing Multiple Kernel Learning, we obtain the 68.8% precision.
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