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Comparison of Discriminant Analysis
in Ear Recognition

Yuki Tajima' Koji Soma' Sai Hideyasu® Daishi Watabe'

Discriminant analyses are popular algorithms for face recognition and various
discriminant analysis are proposed in thus far. In this study various discriminant analysis
algorithms are thoroughly examined for ear biometrics. Experiment performed on
XM2VTS database made 97.8% recognition rate using Null Kernel discriminant
analysis.
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