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Several methods for the prediction of RNA secondary structure including pseudoknots have been proposed based on parsing
algorithms for formal grammars such as MCFG and TAG, of which generative power is greater than CFG. Also, comparative
sequence analysis, which compares several RNAs and predicts their secondary structures, is a promissing approach. In this
paper, we define pair-stochastic multiple context-free grammar (Pair-SMCFG) and propose a prediction method based on
Pair-SMCFG. Pair-SMCFG is an extension of MCFG for comparative sequence analysis. Experimential results show that
for RNA which have about 70 bases, the precision and recall of our algorithm are 63.2% and 62.0% respectively.
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