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Metaphor stands on metaphorical mappings between abstract and physical concepts, i.e.
knowledge about physical images of concepts in the mental world. Our goal is to come up
with some insights on visualization of human mental behaviors by computationally acquiring
those pieces of knowledge from the metaphorical sentences we human beings use in everyday
life. We proposed a method, called primitive-matching approach, as a model for detect-
ing metaphorical mappings of sentences, which employs both structure-mapping theory and
a semantic constraint of primitive-matchings. In this report, we made an experiment of
processing 17 sentences by PM approach, from which we compared the performance of PM
approach to structure-mapping approach and also we’ve come up with some knwoledge about
physical images of abstract concepts.
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Table 1 The caclulation-time costs, using

Case 1: We need to gxplore the isuues carefully. ' PM approach and SM approach
: (examine)
Case 2: He tried to grind out new solutions. (elaborate) Case | PM SM | Cost Gain
Case 3: If you use that strategy, he'll wipe you out. Group| N, (msec) | (msec) | (PM/SM)
(destroy)
Case 4: The great idea was planted in his youth. 1 949 | 5684 6.0
(developed) 2 | 7130 39350] 5.5
Case 5: He shot down my opinion in the argument. 31 13511 5134| 3.8
(criticize)
Case 6: Where'd youdig upthatidea?  (discover) 412351 8585| 37
Case 7: They exploded his latest theory.  (disprove) 5 | 2615| 8451 32
Case 8: I just can't swallow that claim. (accept) 1 6 209 868t 29
Case 9: He pointed out the demerits of the strategy. 7 | 4984 | 15452 31
(show) -
Case 10: Tigers cryshed Giants in the baseball game. 8 { 734) 1350| 1.8
c T ‘ (de(freag 9 417 5001 1.2
ase 11: The argument collapsed. fai 4
Case 12: Shekilled a process. (stop) 10 217 28 1.3
Case 13: Igotoutofa lisp. (stop doing) 11 | 3168 | 2300] 0.73
Case 14: We need to let that idea percolate.  (spread) 12 67 68 1.0
Case 15: There are too many facts here for me to 13 33 100 12
digest them all. (understand) -
Case 16: His words carry little meaning.  (represent) 2 14 | 550 450) 0.82
Case 17: Try to pack more thought into fewer words. 15 367 350 0.95
(express by) 16 | 567| 450] 0.9
ig. i ! -
Fig.3 The metaphorical sentences employed 17 832 837 1.0
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Fig.4 The results of cost gain by PM approach
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