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Parallelization of a genetic algorithm using linkage identification and context dependent crossover
Miwako TsuJi ,t+ MASAHARU MUNETOMO t and KIYOSHI AKAMA'

Parallelized competent genetic algorithms (cGAs) which can detect problem structures automatically can give us
problem solving environments for a wide spectrum of real-world problems. As such algorithms, the DBOA, PBOA7)
and parallel BOA®) which are based on BOA and pLINC® which is based on LINC had been proposed. However, model
buildings in the parallelized BOAs are performed under some restrictions or using backtracking to obtain feasible models.
‘While pLINC can be parallelized in a simpler way, the original LINC spends huge number of fitness evaluations. In this
paper, we try to parallelize D 12) which can also be parallelized in a simple way and requires relatively small number
of fitness evaluations. We also try to parallelize population evolution with context dependent crossover (CDC)H) which
can combine overlapping building blocks effectively. Moreover, we perform some experiments to compare the paralleled
D5-GA + CDC and other cGAs to reveal their properties.
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