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This paper describes the recommendation algorithms of blog pages which are strongly related to a user-specified blog page. Since each blog has
some keywords, the recommended pages are selected from them which have the same keywords as the user-specified page. The recommended pages

are sorted according to the Bayesian network. This is named as the Algorithm (1). In the Algorithm (2), keywords are selected from the body text of
the user-specified blog by using a morphological analysis program. The keywords, in addition to the other keywords, are used for sorting the pages.

Finally, the algorithms are applied to a simple example.
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