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As documents about protein structural analysis are increasing, a method of automatically identifying
protein names in them is required. However the accuracy of identification is not high in the case
of not enough training data set given. On the other hand, it may have a negative effect that a
whole available corpus is added to training data set, because of differences of syntax structures or
vocabulary. Then we propose a method to extend training data set by extracting related sentences
from a corpus. In the experiment, it was confirmed that the accuracy was improved by the proposed
method.
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“... the expression of these RNAs may reflect an
early regulation of SxI at the level of transcrip-
tion ...” (PMID? : 2473007)
“Mouse probasin cDNA was isolated from a
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