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A New Method of Extracting a Skeleton from Static Complex Networks
MIKU HIRANO'  SUSUMU SHIRAYAMA

It becomes more difficult to interpret visualizations of a complex network as the scale of network becomes larger. Therefore,
some methods to simplify a representation of a whole structure of the large-scale network have been developed. To extract a
skeleton of complex networks is one approach to simplifying the structure. In this paper, we consider a new method of extracting
a skeleton from static complex networks. And then, the method that has little arbitrariness in extracting the skeleton and is

appropriate to reveal community structures of the network is proposed.
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