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We aim at extraction of player characteristics from MMOG logs with a visualization tool called
?KeyGraph”. In this paper, we add the following improvement because the characteristics of MMOG
data and those of text data, which KeyGraph originally targeted, differ. The added improvement
is that of narrowing down the range for deciding the co-occurrence level between an action of
interest and another action, i.e., the strength of the connection between them, from a whole action
sequence of each player to a circumference subsequence including the action of interest. The Jaccard
coefficient is then used for calculation of co-occurrence. As a result, although actions appear in a
same action sequence, their co-occurrence level will be low if they are apart from each other. We
show and compare results for different co-occurrence ranges.
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