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Abstract

This paper describes a technique for learnihg values of shogi pieces using temporal differences. In
previous research, temporal learning has been used to learn values of shogi pieces from self-play

(D.F.Beal and M.C.Smith, 1998) . In the approach described here, we use games played by expert
players to learn the values of pieces. :

For the experiment, we developed a learning system that uses iterative-deepening with alpha-
beta pruning for searching the game tree. The moves for each game were based on actual games
between expert-level players. In the experiment, data from 3500 exp'ert-le\}el games was used for
learning the values of shogi pieces. The result shows that the learning is effective. :
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