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A probabilistic reduction of playouts in UCT algorithm
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Abstract Monte-carlo simulation in games is a hot topic for selecting the best move. Especially, com-
puter GO is growing rapidly with this method. UCT algorithm is one of the most effective algorithm to
control random similations and UCT is based on UCBI algorithm which is an effective algorithm for k-
armed bandit problem. Since, this algorithm is made for the k-armed bandit problem, we can sophisticate
it for games. In this paper, we propose a probability estimation method to find moves which may not be
selected in the limited times of simulations and we apply this method to UCT algorithm. In experimets, we
have made matches between UCT , UCB1 and our algorithm, then we have confirmed that our estimation

method works.
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