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Abstract This paper presents an incremental adaptation method which is the basic
technique for on-line adaptation. The proposed method combines MAP (Maximum a Poste-
riori) estimation as intra-class training, which has an additional training scheme, with VFS
(Vector Field Smoothing) method as inter-class smoothing. The recognition performance of the
method was evaluated through some experiments for speaker adaptation and for simultaneous
adaptation of speaker and telephone line. It was found that a fast and incremental adaptation
can be achieved by the additional training scheme and smoothing technique including inter-
polation. As the result, fast and word-by-word incremental adaptation without pooling the
adaptation traning data can be realized.
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