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N-gram estimation from Japanese large corpus and
task adaptation of N-gram

Akinort Ito, Ndoto Daishima, Atsushi Maruyama, Masaharu Katoh and Masaki Kohda

Faculty of Engineering, Yamagata University

N-gram language models were constructed from EDR corpus, 5-million-word Japanese corpus.
The models were investigated under various conditions about training text size, vocabulary and cut-

off condition. The result of the experiments clarified the optimum condition under a certain training
text size. We carried out another experiments about task adaptation. An N-gram model from a dialog
was mixed with the N-gram from EDR corpus, which made about 60% reduction of perplexity.
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