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Abstract In this paper, we report on language modeling and acoustic modeling studies for broadcast-news speech
recognition. We have been working on the development of a large-vocabulary continuous speech recognition (LVCSR)
system for Japanese broadcast-news speech transcription. We constructed a language model that depended on the readings
of words, whereas, usual language models depend on written words. In broadcast-news, each speaker utters several sen-
tences in succussion, therefore we applied on-line speaker adaptation which is applied after identifying a speaker of the
sentence. The reading-dependent language model reduced word error rate by about 10%, and the on-line speaker adapta-
tion reduced word error rate by about 15%. We propose a new formulation for speech recognition, which maximizes the a
posteriori probability of the speaker’s intended message for a given observed acoustic sequence. We applied this formu-
lation to rescoring N-best hypotheses and achieved better results with it.
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