SinlEHILEE  29—20
(1999. 12. 20)

HY

R EBBICETEZNVXTY—EERE

Tt
Z= B R R R R R R
T 630-01 £ R RABH & ILET 8916-5
E-Mail:nakamura@is.aist-nara.ac. jp

HoEL FAHECA 7R OEZFOARENTRVAALLT, v 7 2Rk Pof TNV X7 ) —TH
ZERTHINVAT Y —EFEREBHNNEETHS. UL, EBETEBITAEFORB, Mol 7 afr bt
NEREFEANETHEALY T ) —OEFRBTIE, BECHFETOIHETSIOCRBORENRKE RS2
LLTLES. BT, Z0k)RESIRL, EFAVERMUCEDFE, v 272k T Lb—iZ X 5FEO>V
AT D, oA 7 uRrT U—ik, BEAEEHBR L TEREFZ2HE SNR TRE T L TILORERTD
EELERTES. —F, TFEAERMETE, BROBEEHEZHE L CZOREOBRAESICEFAVEELT D Z
b CHEERMENTEE L D, ABTIREDIL, ThLOFIREED B -OICBHEREET> TV L EREEF - T8
F e B R R ZDNT HIRRB.

F—J—F  EEEE EEE VA7V —, BRRE A7 uRrT Lb—, EFTAERME, HMMEARK

Hands-Free Speech Recognition in Real Environments
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Abstract Hands-free speech recognition is a very important for a natural human machine interface. The
distant-talking speech in real environments is distorted by noise and reverberation of the room. The paper tries to
give a prospect of the solution based on previous studies and our research efforts. Especially a microphone array
based-method and a model adaptation method are discussed. The microphone array can reduce the influences of
the environmental noises by beam-forming. On the other hand, the model adaptation method can estimate the
acoustical transfer function and adapt the speech models against the distorted observation signals. Furthermore,
this paper also addresses the project collecting research acoustic data for hands-free sound recognition which
includes many kinds of dry sounds and impulse responses in real rooms.
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