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Utilizing Untranscribed Utterances for Language Model Training based on
a review-based Confidence Measure

Katsuhito SUDOH, Ryuichiro HIGASHINAKA, Mikio NAKANO and Kiyoaki ATKAWA

NTT Communication Science Laboratories, Nippon Telegraph and Telephone Corporation
3-1, Morinosato-Wakamiya, Atsugi, Kanagawa 243-0198, JAPAN

Abstract

This paper proposes a method for language model training, utilizing untranscribed utterances as training
sentences based on a “review-based confidence measure”. After a dialogue, the “review-based confidence mea-
sure” is used for scoring confidence of a speech recognition result for each user utterance in the dialogue. It
uses dialogue-level features in addition to utterance-level and word-level features used for conventional con-
fidence scoring methods, including acoustic and lexical score for the recognition result. Experimental results
show that using the proposed confidence measure improves utterance-level correct/incorrect classification
accuracy, and word/concept accuracy of speech recognition with the trained language model slightly.

Keywords: speech recognition, confidence measure, language model,
spoken dialogue system, review-based confidence measure
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