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Abstract One way for estimating speech recognition performance in noisy environments is to use a distortion
value calculated from the input speech signal. This paper focuses on ITU-T Recommendation P.862 as a distortion
measure and describes the relationship between the subjective/objective quality of noise reduction algorithms and
the recognition performance. First, the subjective quality assessment of the noisy speech signals and the output
speech signals of noise reduction algorithms is performed. Second, the relationship between the subjective/objective
quality and the recognition performance is investigated. These results confirmed that the recognition performance
for each noise reduction algorithm can be estimated accurately from the subjective/objective quality.
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Table 1 Experimental conditions of subjective quality assess-

ment.
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Table 2 Speech samples used for subjective quality assessment.
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Table 3 Speech sample numbers used for subjective quality as-

sessment.

Babble Car
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Subway
MGA1ZZ5837
MCE3943ZZ8
FMJZ5797Z2
FBA98Z7437

Exhibition
MGA5314803
MCE591Z5Z7
FMJ4273297
FBA3468927
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Fig.1 Subjective MOS, where the noise is Subway.
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