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An Efficient Word Graph Generation using Confidence Scored Decoding
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An efficient search algorithm to generate word graph on tree-trellis decoder using search-
time confidence score is investigated. In the 2nd pass of tree-trellis search. the stack decoding
is modified to fixate word candidates on-the-fly in order to generate word graph dynamically
by merging paths by sharing same words at the same time frame. The hypotheses will be
terminated if the last words has already been in the current partial word graph and expanded
so far. Furthermore. a word pruning by confidence score is applied at word expansion to sup-
press unpromissing words to appear. Experimental results show that the proposed method
can generate a word graph faster than using N-best sentence list, and also can generate more
word graphs to improve minimal GER. Pruning by confidence score showed a certain effect
to reduce the number of word expansion, but has little effect on the total search time due to
the unstableness of the search-time confidence scoring especially for a short words.
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Fig. 1 Delayed decision of a word candidate on graph.
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Fig.2 Dynamic generation of word graph on stack
decoding.
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Table 2 Result of word graph generation on tree trellis
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