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Abstract
for searching podcasts. Most previous speech recognizers had difficulties dealing with podcasts because they

This paper describes speech recognition techniques that enable a web service “PodCastle”

include various contents recorded in different conditions and new topics with many out-of-vocabulary words.
To overcome such difficulties, we continuously improve speech recognizers by using information aggregated on
the basis of Web 2.0. For example, the language model is adapted to a topic of the target podcast on the
fly, the pronounciation of unknown words is obtained from a Web 2.0 service, and out-of-vocabulary words are
automatically acquired by analyzing user corrections of speech recognition errors on PodCastle. The experiments

we report in this paper show that our techniques produce promising results for podcasts.
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