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Voice activity detection using long-term spectro-temporal information and
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Abstract Accurate voice activity detection (VAD) is important for robust automatic speech recognition (ASR) systems.
However the VAD system can often fail to detect speech present segments in low S/N environments. This paper first proposes
a noise-robust VAD system using long-term temporal information in speech. Long-term temporal information has been an
ASR focus recently, but has not been investigated sufficiently for VAD. This paper describes an attempt to incorporate
long-term temporal information into a feature parameter set by using a longer window length than average phoneme duration.
Next, harmonic structure-based feature extraction is applied to the VAD system in order to reduce false alerts in low S/N
environments. The proposed feature extraction doesn’t need an explicit fundamental frequency estimation. The VAD system
combining long-term features with harmonic structure-based features led to considerable improvements in noisy
environments and had 77.7% error reduction as compared to the standardized ETSI AFE-VAD.
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