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A High Speed Gaussian Edge Dector

Shin Cheon Woo - Jung Ho Youl Kim Heo Jin Choi Tae Young

Department of Electronics, Engineering, A JOU University, Korea

A new edge detection operator superimposing two displaced Gaussian smoothing filter is
proposed as an approximate operator for DroG(first Derivatitve of Gaussian)known as a
sub-optimal step edge detector. The performance of the proposed edge detector is very close
to that of the DroG with the performance criteria : signal to noise ratio, locality, and
multiple response. And the computational complexity can be reduced almost by a half of that
of DroG, because of the use of common 2-D smoothing filter for DroG and LoG(Laplacian of
Gaussian)system.
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