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Abstract Most of digital contents distributers use key words which correspond to objects in images to index var-
ious kinds of photo images. But these key words not always match with visual impression of images. In this paper.
we propose a method to evaluate visual impression of images by using image key words. By statistically analysing
typical photo examples of each image kéy word given by professional photographers, we have modeled their image
evaluation process based on visual impressions (KANSEI Model). By using the KANSEI model, we have developed
automatic image classification system for various kinds of photo images based on visual impressions.
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