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Abstract We challenge the human identification problem from gait and body shape. Con-
ventional methods depend on the camera viewing direction since they are based on matching
images, their accuracy is low when there is a big difference between the camera viewing di-
rection of the test and training. We propose a novel method that does not depend on the
camera viewing direction. We develop a state space model called “cyclic motion model”
whose state variables are the phase and the camera viewing direction. We learn model pa-
rameters for each candidate person, and represent their walking. To identify a person from
the observed image sequence. we first compute the model likelihoods using a particle filter.
We then identify the person from the model likelihoods.
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