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Abstract The demand for surveilance system is increasing. However large surveilance systems force us to verify a
vast amount of images. To cope with ,many reseachs of automatic abnormal situation detection are being studied.
Qutlier detection method is one effective approach for automatic abnormal situation detection. The outlier detec-
tion asumes that a dataset is generated from single distribution,which is unlikely for human behavior data. As a
consequence , we must deal with the data generated from two or more distributions for accuracy of the detection. In
this paper , firstly we show that the effectiveness of grasping struture of distributions.Secondly,we discuss selection
of learning parameters for one-class support vector machine.

Key words behavior classification,abnormal behavior detection,outlier detection,one-class suppot vector ma-
chine,cluster analysis
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