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Construction of a Motion Capture Database
Using Human Motion Characteristic

KoJr Sato +, KOTA AOKI tt and HIROSHI NAGAHASHI #t

Recently, CG has been used in various fields such as movies and the televisions. The motion
capture data is widely used to reproduce the natural human motion easily. However, it is very
difficult for a user to search for arbitrary human motions from a huge motion data base. A
variety of motion retrieval techniques which enable to find accurately corresponding motions
have been proposed. This paper proposes a construction and the retrieval technique of the
human motion database that considers the overall feature of motion by using the dimension
reduction technique and the learning algorithm. An efficient retrieval of a similar motion set
to the query motion can be achieved by this technique.
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