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Self-Organizing Map
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Abstract We propose a approach to improve the accuracy of estimating feature points of human
body on a vision-based motion capture system using the accelerated incremental learning type of the
Self-Organizing Map (SOM). The incremental learning type of the SOM has the ability to correlate the
feature points of each body part in online sequential learning. Therefore, we can complement some feature
points which are failed to extract using the successful information. However, the typical incremental
learning type of the SOM has a problem that its training time increases as the number of training data
increases. Using our proposed method which is speeding up the learning method of the incremental
learning type of SOM, it can stably learn motion data on real-time.
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