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Rule Extraction from Facts and Neural Networks
Kazumi Saito Ryohei Nakano

NTT Communications and Information Processing Laboratories
1-2356, Take, Yokosuka-shi, Kanagawa-ken, 238-03 Japan

We propose two rule extraction methods as one way of overcoming the knowledge acquisition
bottleneck. One method consists of two phases:the first phase generates candidates for rules
from facts while pruning the search space by the use of heuristics, and the second phase
selects useful rules. The method was applied to a two-dimensional artificial problem,

a medical diagnosis problem and a weather forecast problem, and effects of the heuristics
introduced in the method were evaluated. The other method also consists of two phases:

the first phase generates candidates for rules from changes in output levels of a neural
network while changing an attribute value of facts gradually, and the second phase selects
useful rules. This method was applied to a two-dimensional artificial problem.
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