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A Learning and Recall Algorithm of LISM
and Rule Extraction from LISM

Kazuhiro Abe
Mitsubishi Electric Corporation
Central Research Laboratory
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In this paper I present the architecture of Multiple Layer Neural Network LISM(Learning
In Subspace Method Network). I also describe its learning and recall algorithm - Learn-
ing In Subspace Method and Recall In Subspace Method - . In order to process partial
information, LISM deals with patterns containing don’t care values.

Then I show that Learning in Subépa.ce Method can reduce the number of trainingset and
the number of hidden layer nodes, and Recall in Subspace Method can extract knowledge
from LISM in the form of decision trees.
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No. attributes Class
Outlook Tem. Humidity Windy
1. | sunny hot high false N
2. | sunny hot high true N
3. | overcast hot high false P
4. | rain mild  high false P
5. | rain cool  normal false P
6. | rain cool  normal true N
7. | overcast cool  normal true P
8. | sunny mild  high false N
9. | sunny cool  mnormal false P
10. | rain mild  normal {alse P
11. | sunny mild normal true P
12. | overcast mild  high true P
13. | overcast hot normal false P
14. | rain mild  high true N
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