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of Inductive Learning Algorithms
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In this paper, we present a framework to analyze a behavior of learning algorithms.
Most researchers use either experimental or theoretical method to analyze the perfor-
mance of learning algorithms. However, experimental approaches are not so flexible
to analyze various characteristics of learning algorithms. On the other hand, theoret-
ical approach, such as PAC learning, does not deduce real characteristics of learning

.algorithms. In our framework, called Random-Case Analysis, we adapt the idea of
randomized algorithms to integrate both experimental and theoretical approaches.
By using of Random-Case Analysis, we can predict various aspects of learning algo-
rithm’s behavior and apply our framework to practical learning algorithms, such as
ID3 or AQ.
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