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Integrating Machine Learning Techniques for
Functional Modeling

Takashi Ishikawa Takao Terano
Kisarazu National College of Technology =~ The University of Tsukuba

The objective of the research is to built learning functionality in knowledge-
based systems which use a knowledge organization method named functional
modeling. Specifically, the goal is to apply machine learning techniques to
modeling supports in design problems and to knowledge acquisition for
classification problems. For these purposes, the research adopts two
approaches: knowledge intensive approach and multistrategy learning
approach. An feature of the proposed architecture for integrating machine
learning techniques is utilization of Abduction by Analogy as the kernel
inference. This paper presents the design of a learning architecture for
knowledge-based systems using functional modeling method.
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