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Adaptation of Evolutionary Agents toward Changing Environments

Yuka Yamamoto,t Takahiro Sasakitt and Mario Tokorottt -

T tf Department of Computer Science, Faculty of Science and Technology, Keio University
"11Sony Computer Science Laboratory :

In this paper, we observe the adaptive process of the evolutionary agents in a simple ab-
stract model, where neural networks capable of learning are evolved through genetic algo-
rithms (GAs). Comparing two mechanisms of genetic inheritance, that are Darwinian and
Lamarckian evolution, we show the following results. The population with no inheritance
of acquired characters, i.e., Darwinian population, not only shows stable behavior against
the oscillation of the environmental conditions and adaptability with respect to such chang-

ing environment, but also maintains a adaptational potential even toward completely new

(unknown) environment.
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