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Active Learning in the Information Retieval

TAxAasHI ONODA,t HIROSHI MURATAt and SEIJT YAMADATtt

We investigate the following data mining problem from Information Retrieval: From a
large data set of documents, we need to find those that bind to human interesting in as few
iterations of human testing or checking as possible. In each iteration a comparatively small
batch of documents is screened for binding the human interesting. We apply active learning

techniques for selecting successive batches.
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