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Abstract This research aims to obtain medically vaulable rules and knowledge on pre-/post-processing and the
interaction between system and human expert using the data of medical test results on chronic hepatitis. We devel-
oped the system based on the combination of pattern extraction with clustering and classification with decision tree
and generated graph-based rules to predict prognosis. As the result, the human expert could make and justify the
hypothesis on GPT through the iterative interaction. Finally, this paper shows the conceptual model of interaction
and discuss on how to systemize the semi-automatic interaction.
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