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Abstract This paper presents a variable selection algorithm for learning classifiers of discrete data that can take
into account variable dependency. The algorithm restricts a learned classifier represented as a weighted linear sum
of combinations of variables by removing combinations containing a variable. Then, the variable is identified as
useless if the restriction does not degrade discriminative ability. The presented algorithm is shown to outperform
some existing algorithms in the experiment on synthetic data sets. Furthermore, an encouraging result on the
applicability of the algorithm toward text classification is also shown.
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