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1 FANFE

ACL’94,ACL Workshop "94(ACLWS), Workshop on Very Large

Corpora(WVLC), COLING’94, 3 & U Workshop on Large Sharable

Natural Language Resources(SNLR) D EERR&ETRE SR
WO L, BER O ERICHESED LR TS, -2 %
FUH L7 BASIERE (MEHMFELED D) CHTLb0ID
WTH =S %472 oz, BTIRERTROSRIZOWTHNIC
AT 5.

ACL and ACLWS %32 [l ACL(Association for Computational
Linguistics) &RRBLIURT—27 ¥ 3y 7,194 6 28 HRHTA
1B CRE =2 — - ARV IMT ANt ADZ a0~ 2F T
M AZFECBO TR S Wi BMEIH 300 HTHo72. T~ ay
713 SIGPHON EEDEFRRICINT 2 b D&, KY —~ A THANT 558
S L HEHUR DM S b O (IRTGRIE 12 4) D 2 0T
b, BE~OBMEIIA 120 £HTH o7z, ACL DRFa LTI 40 4
T, REEIL1/4 55 TH o/ REIX MIT THES ML TFETH .

WVLC COLING D& 7 —2 ¥ a7 & LT, ,Second Annual Work-
shop on Very Large Corpora(WVLC2) 758 H 4 HIZFAREBRM
SETH 00 BHOBIF R LD SRz 10 ORI, Corpora, Align-
ment, Information Retrieval and Matching Dt v ¥ a YIZGHPN TR
TSN, F7z, BIFRE L LT Martin Kay 2%, aHI D { FHROHR
DFNOBEEL L BB ONWTRER TR 72

COLING94 % 15 NIERREIHEESS (International Conference
on Computational Linguistics) i€ 1994 0 8 A 5 B2 5 9 HIZHH
THEAR 1200 %0 2 - FROEH 7V TIT 4 bz, SBOBNE R#H
520 &°C, IR E LTIREAD S5 300 &, AL 7 V72 00%
35 %, LKP LI 50/, O v PLAW 10 B TH o7 FREER
B 212 T, BREEIIH 0% L DT L THS, KENZaRIN—F
Y T1996 7 AICBHES A FETHS.

SNLR £RSEREnm KRR BT The International Work-
shop on Sharable Natural Language Resources (SNLR) 2%, COLING'94
@ Post Workshop & LC,8 B 10 B-8 A 11 BICHfEX hr/z oL
i3, BASTEMASH ONMEBMTT -5 - V- VEERETHILT,
CONBORBEELZLLHNL LT, KR0S, RXREE
FELHSEGDEHTED SNBLZ - 2 b DTH o7 RILRER
18 ¥, BR Y -2 6 4 Th Y, BP0 BABIL . 2B, 4
ARKRENLY VT~ I DAFEOVTIR WWW 2557 7 42
WHETdH DMK (http://www.ntt.jp/COLING94/) BB S iz,

CZBEOMN & LTHETR IS A R FIF L BREELH
T AREAMEML T E 7225, RED SRR 292 B 754
DRABZNLOFHFTEOLNTED, b IRELICHRERE
REOERAERRS DB o/ LB L. ¥l - BB
3B BHLNTE Y, ERNZEASEAECE, WADFHE
EhYoohs. A RERICH LTIOFESEHERTYS
S, EFCBRE I NAIHATETH /2L LTH, HIRE
LTEBTF— 5 ORBRRY P D2 &I BBFHE. 20728,
E& LTHENR 7 70— F 55 14,Good-Turing ¥l KR4
ZHMEE, ATHREN7 70 —F L LTIk, —kft - B4R &
DFEIREINTNS,

BRI, EERICEIB L T, SEICRIETTRE T, R D RS L EER
FAIHCDDH DKL, BEETH, 20O LI 2 b0 &5
KR L T B LS 2RIETH 5. RHTHET 2 £ L T2 FETH,
VIR AR BEOI—NARLEL 5. AAREICHT 257
PENEL o T HDIEFOLVEND 5.

PIBE, S0 o ORCEHEICHEL TIET 5. Ao &%
BI200LZTOFIRESEDLT 7 ) r—Ya VK& {5
3. E5FP O, KBORBER, ~—VHTHS. KHO
FIHETRTORLICOVTIEHBE TR, $72, UTOMEE
% 7z, Wall Street Journal(WSJ),Million Word(MW).

2 HFHESE
2.1 EEEMEEROES

ACL, pp.88-95, “Decision Lists for Lexical Ambiguity
Resolution: Application to Accent Restoration in Span-
ish and French,” (D. Yarowsky) ANAViER7 IV Ak
DFXFAFZBOTERENT 7Y MESE, REY R+
(decision list) {2 & o TRIMHE CHITT 2 POV THREL T
VB REYA M, 77 MRS RPANIEN S B
TEIT (1) 6 MOMREMBICET (At BLU (2) £54
LRI L TR ORI O AT, & b LIRS
o n-gram A ZHERICET RAUOTE: L) BVIEREL
EHL TV,

WVLC, pp.19-32, “A Comparison of Corpus-based Tech-
niques for Restoring Accents in Spanish and French
Text,” (D. Yarowsky) A~NA VL7 5V RAEOBENT
e &, SRR AW THELT 558 ZEEMRELT
WHHSEY A b (decision list) HW Tk, feke bRE S
NT0 5B 3 2DFEE (1) HEEEH, (2)n-gram tagger, (3)bayesian
classifier) EHBLAZDLZ0OFHMEH LT 2. K0T 7
VP DG =T NAS L L, EOHENAELSF
AR b AN R FETH B KIS, SEMTT SNz n-gram BEE
FEEWSFEE, G0/~ b hic, HEOERHO % Hwv
LFEERHK TS, BEEFITL CERIFIL AV 5 2 L THls
F—=8 DY T HTPARETH Y, LB EHOARS PR
CTHE (2720, MEORERIILALEDLLLV) . 320BD
FH, ML 2 2 HEORIR K 50T 4 Y F & np BEE
DN =V FWTT 227 2 \LTH50TH Y, DEncE
BHVHEOEROLFIHHH BV FHEETICLTNA. 42
BOFESN, g ) A P 2HOAHETH Y ngram T4 VF
AR EERL ), HEEOMEOHR (BIZIE 28ELvolk)
RV, AT, BEODYICI/ I ARIETES. 615, 2
H DEBRAFIRFIIC EONFSTH0EEEL, VA MCE
BT LT RBOMES LUPREM LTV,

WVLC, pp.33-42, “Extracting Disambiguated Thesaurus
from Parallel Dictionary Definitions,” (N. Uramoto)
SHEROFHEBAERNS S, IRV —F AP T 5 FE. #
EOEHEIE, R LIRS 5 EALFE (genus term) BL U, £
DR HIBRY ST (differentia) 2572 > THB Y, ZOfEE
OISR EHT LT, HHBISLT% ) T &4k, BEMO LA
TABREHNT 5. HREELHVAZ LT, #5h R
MRV TEEEIRHEN TS,

WYVLC, pp.43-56, “Application of Corpora in Second
Language Learning - The Problem of Collocational Knowl-
edge Acquisition,” (K. Kita et al.) %2 S BEfEOEFEO
7o, AAREB L URED I —NA P 5 aayr— a v O
LT APE EEPOHVLRTVWAHEKRERE L, £ES
HHRET D I A b HHE (cost criteria) &£V 2 ODFER KL,
BEOHIERG AL L VHROCEETED LIEL
TV b, I A M HEREE G, BRI, Bk 25T By BRI,
SHERT L HPEEIW VI RETHS. (FHERITHA
T, 707 H5IE,2 FO R 5 A &, 10 T HEES] 1 BlaT
FLIAMIEBDEBL L EV o2 AR TV, ATR




ABAFE LIAEE o — /82 ADD 2 VTV 5. JE5EAT 100,000 7F,
HAEEAT 120,000 FETH B #ERE LTH, BRIV HRTW
LHEERRIC L DFETIIESRTENE L DMEHICH 503t
L RESALFETE TTLLI D] [E L] “I would like
to” SREOEB LS Hi STV A HERARY]. 2 DOFEE
T, £ 2BHRIORFIE T E D 0RBBREV. AEFEOFE L
W IETE, MBS E D v b oo, fil X ITEH
WO LI BELMBEHLOTE, LVio/kI AT M ihot.

WVLC, pp.57-68, “Statistical Augmentation of a Chi-
nese Machine-Readable Dictionary,” (P. Fung and D.
Wu) PEREOHELMILT S0, PEFEDOCFEE a8
A 5T %Y — b CXtract (Smadja @ Xtract D ERFEK).
rhEIRE I, BEERAS Vs (AARFED L ) 2FEoghE b
) BEEEABL (, SRABREOHEfITLALERL
2V, #ZTHKUST I—/5A (RPOBKHEIHI—/1X) O
PEEESRS AV, B L UEREOM & h e FEEM
LT, PEEOBERY ) OREES LT 2 ER 27 o7z Hhilt
TN X b, AR I BB Xtract L LT, 3—/5A
A5 % T uni-gram OHZFEY AT 24ED, 512 bi-gram DY A
P RES. ST, BRIV T bigram OEEFELEEAL, L&
VEBLED & DFAT 25T Fh5 % ngram OBEEFIEHIE S
BOIHVS. L OHBIFELRICHEOTE L 25, ¥
BRTI,2 HFEO HKUST I—/8A0 5, 5,554 BMOMEEE L &
BHFEFIR I L, $EROFEEFE o727 F R F ORBEXGY
2% (tokenizer) DRBELL 76%72 o 7225, Mt & h/- R 3B £ In
BT ETRBITELL 72

COLING, pp.76-81, “Building an MT Dictionay from
Parallel Texts based on Linguistic and Statistical Infor-
mation,” (A. Kumao, and H. Hirakawa) HAGE L 3EFED
78T LT F AT B OXIREE ST AT OV TR T
5. HAFR L IEEOMICRROBEM N ETNITOWT, HEEICE
DR L SIEN IO RO HOBE P, HRED D
DEFRL TS,

COLING, pp.611-615, “A New Method of N-Gram Statis-
tics for Large Number of n and Automatic Extraction of
Words and Phrase from Large Text Data of Japanese,”
(M. Nagao and S. Mori) AK&% n 235 n-gram #HiEt %
EBIDD LSBT NTY AL LEREACT XA M
SOREHIIE. 71T XA, B, PRNLEIEET— 5 2 1E
B3h 2, 7¥ALORX R L ETHE TIN4F (BE
BOBE)LEL TS, ROBET, T AVWTEED nicxt
LT n-gram ¥t 2/ERT 5. SOTNTY X L% 3201
A (3.7- 59 MByte) WA L, =¥ b 0 ¥ —0FI R, 50 H
B %472 072 (Church 12 & 3 &, FMOFES L 5/ 4D
AT ICELRTBY, HRMICIEFFAME b XL O(klogk)
D n-gram KT VT Y XADFLET D).

2.2 B - BHRRUERROER

ACL, pp.74-79, “Precise N-Gram Probabilities from
Stochastic Context-free Grammars,” (A. Stolcke and
J. Segal) HEXMFEXREHEETRBINLSHE,S, EL
Vngram EFVEEET AT NVNTY XLk G52T0E. 7T
VAL, 52 O MIOREHSCED SRS n-1 3400 O

TR AW BTN EMERETE L, ZOLEMHEEL b L IT ngram
DEHDERRFER p(wn|wi, ..., wa1) ERDB.

ACL, pp.171-180, “A Markov Language Learning Model
for Finite Parameter Spaces,” (P. Niyogi and R. Berwick)
BEOTEE, HEO 0 ED 23T A— 5 OELFEETHETN
X o THT ABROFHOBME S IZOoW TR L TH Y ,Gibson &
Wexler (2 & o THME S T 5 Triggering Learning Algorithm
VT T HPUT L o TEEICRBENLZ L ATAHAL T 5B,

ACL, pp.188-195, “Grammar Specialization Through
Entropy Thresholds,” (C. Samuelsson) & 53Uk EHI3C
G L,G0b L THEITSNE LWCRDES T 206, T
JETAXDESY TELLFZETE L)%, 330 Mk
G+ 2 E BT 5 HFEIREINTWS.GHDEHEIC I, explanation-
based generalization &V ZEBEHPUT L D, KOS E 72
FHEME 1 DOBANC folding LT L BDTHY, 2D LS
LEBROBIITHIED BAROUN OFIRIC & 0 ,G+ORditkE
FHT 5. COBREBIEMEILETOLY P O E—HETNTER
SN, BB LEVHEERZS L) & (HBNCIES 0B
BEBND &S %) RS LGRS L ) 2EgADE D
AT RSB LIS 5. ERTIE, HSURT ORE L 60 5
FREEIC L, AL — T & ORAREICT B30 b hu.

ACL, pp.234-241, “Extracting Noun Phrases from Large-
Scale Texts: A Hybrid Approach and its Automatic
Evaluation,” (K.-H. Chen and H.-H. Chen) # 7 ff&
DEXT—NAN 5,2 BEOWET (1) BABOXHO L H %
chunk & FHER 2 BAISHSTIICHEL,(2) 2D X 5% chunk 71
DEFNFIUHEES LTEROES £ 5 X, EHO n-gram %5
HLUTHE2 Y A A0 2t T 2 FHEERELTw5. %
E&iZ SUSANNE 21— /32 % VT3 05% DB % #5372

ACL, pp.248-254, “An Automatic Treebank Conversion
Algorithm for Sharing,” (J.-N. Wang et al.) SCESEH
SNBC, [BICED b & TR S R TARDES T 2 FA4%
D i, SEMICHIETO T BT 2 FHCOVTRRTY
5. B REMBR, B0 b &L TELDRIIARCEEET L
B, ELWSDERA 7T LTRIRT 52 LT, B S
D—F %k b LICTERMELS (BBAIAR) OMIGEHEHICEHEL,T
DAL RSB —HEL b OFMEERE 5. FRRTIRIE
% 20 THREMEOBTA LA L5 6,799 3CUTH L 96.46% DIE
BMELERL, BB TR REHELBORD LD
B odz. FADICEDEH R TR VA A R FBRE »
x5,

ACL, pp.272-278, “Similarity-based Estimation of Word
Cooccurrence Probabilities,” (I. Dagan et al.) BiZk (¥
A OEEMERLPERICEET A &, -1 AP L/5N0D
T I BIERICHTH S DICHEERMETH ), BHES (B
BVIERMBER) w 120 L CRA REIEDF A S LTV B A5,
¥ DL Kullback-Leibler BE#EZ &% iV THIHNICEHRTRER w
DEWFED» O, w 2 ECEOERMERLEET S FELRR LA
WSI DY 27 NI 5 EER T, Katz DFEIHT L 20%582
EOYHEEHETHAE.

ACLWS, pp.21-28, “The Noisy Channel and the Bray-
ing Donkey,” (R. Basili et al.) iM% EFEOETY



YT EEEENRET ) VS OHRBENAT ) v FEEEL
T, T= /R HIEEHNTEEO RIS 2T 2 FHIConT
BRTVB., T TH,V-prep-N O & 5 RHEER L [ACT]-
(beneficiary)-[HUMAN-ENTITY] &\ o7z BBRISAY, /MR
DAFEDHFED S & THITEF NV EMET B T LT, MMMt
EFMEY SHBICEC ARG CE I LA REL TV A,

ACLWS, pp.29-36, “Study and Implementation of Com-
bined Techniques for Automatic Extraction of Termi-
nology,” (B. Daille) #MEMFHEICLZIT—NADPLDEM
HEO BB R B L T, BRI T 7 Y AFTAR 2 e
&7 HEMAZE N prep N QI T (1) $UE,(2) HEHHRER &
OWEHRD RIE,(3) ¥ / ¥ DRI (diversity) & (4) FEME, @ 4
TFORE® B L7z, 5543 (1) DT (2) DIZL ALDRIE
& 0 b TSR AT 52 5 7245, Dunning DI EHHREL (Loglike
coefficient) # B TH o7z,

ACLWS, pp.43-52, “Do We Need Linguistics When We
Have Statistics? A Comprehensive Analysis of the Con-
tributions of Linguistic Cues to a Statistical Word Group-
ing System,” (V. Hatzivassilogou) JZEOEAROERS
BB T, $ERITHET R TS, BN 2 RIS & o THITH
BEATLEY BB S NG L EFRIC > THREL TV 5.
BAFNE,WSI DEHE VT, BBMiEL 2 2 RA0HKGOH
BRI & DS L7 SRR, o — AL EhS [
BRATER] <7 ORBEIHT 23 OT,(1) ST DBRE,(2)
IAARN ENIFRORRE,(3) W EOTBRBELE, (4) ~
T FEOYR, FEbL.

ACLWS, pp.53-59, “Complexity of Description of Prim-
itive,” (A. K. Joshi and B. Srinivas) Lexicalized Tree
Adjoining Grammar(LTAG) ®b & T, ¥ 7§ & 3 —/SX %5k
L, I/ SRR OEFAER I RO BB DN D LTAG R
BI% 503 2 FHICOWTRR TV A LTAG T, B LT
FhAfanchor EIHENZHHFRITOXF—ZhoTWH IR
HAISEE R 2L, COE LWIRITAICH L, £ 3LT R
D1 OOBEEIWAEND, $o T, AW T O E
BB ET, X VE L DFIR (supertag &EHS) B Fo7za—
NARRETE D FWICHASINAIE LVHAN, CERE
BT 5 0TIR% L, BRICESR0S 55 0 S b, &
LbRVHEE RO b0 BIRL T A, MHL2ERTIZ 88% DK
EEf{T0a.

COLING, pp.569-573, “Restructuring Tagged Corpora
with Morpheme Adjustment Rules,” (T. Tashiro et al.)
REZBROAREFEOI SN EI—NADF T EHIEEEET
B ISRk o Tl O, FEOwh, HIEESR f@owy
b, ETH D, MBOTENIL(L) PIEET ¥ A b OHEfE (2) BREX
HERH O (3) I—NAOFERR L VIF T2,
B2, KOS 7T oRy [2%5] T, 3/ %]
[ 2] O%E, ind 2 HEEROBRE R o1 2% 7T, [2 BoOBE

- 1 OB+ 1 BOBRAOERER) O & 2RAEHET
B, I—/3SA, DR B L7z lattice HEEZH VW THEMI S
na, EHHILATR 55T —/3R ADD @ ¥ 7% (EREHEN
#]) &, ATR TELIR TV D HATEIGED ¥ 745k 2 VW THER
TR oTwA, I—/3AHN 1,000 LA L 1,538 HOE S
ZBENE 428 HOFRMET T HHME BT 5D CHEIL T
Vb,

COLING, pp.665-671, “Word Sense Acquisition for Mul-
tilingual Text Interpretation,” (P. S. Jacobs) f#fidh
1T E AL D, FEET XA EMIRT B 1O EIRRY LR
HWEHEETDLYAT A (SHOGUN). BAFEEEFED = 2 - AL
(WSJ, HEHE) £Bv5H. HFE L HAROBIRIEFEL 2
core ontology(#) 1,000 #k:2) % Hv 4. MR, $988F
PREEFTIT R, RICEEPRE 21772 5. BELES, 7,
FLBD BB D SR VIR LAED 7 7 A B BB, KICH
HERY (IR S X OB A 3 5. BOEHLELCIE, MEITRE
EHWTWA, TIPSTER 79V =7 b LT, 1o
YAT A LB THEBRIE

COLING, pp.742-747, “Generalizing Automatically Gen-
erated Selectional Patterns,” (R. Grishman and J. Ster-

ling) HESORAT Sz a— 3 Ah bJRiEe fit L, cooccurrence-
smoothing &\ FH:% VT, < word, relation, word >0 3D
M ADEE L HAHEFRD OHET 5 (ZORILTIE, T smooth-
ing % generalization LFFATWA. recall % 15 &0 Bl
FLTH B, FEGH T TV IC—RILENBRTIEIL V). WS %
FWTHEBRE T2V, recall-precision DR, I—/SADH A X
recall DRFHEERE LTV 3. smoothing I,low precision/high
recall T, KRA7245, smoothing 72 LOT —F i, high preci-
sion/low recall DA, L DA TH 2 LHFEBENTVAE.

COLING, pp.762-768, “Automatic Recognition of Ver-
bal Polysemy,” (F. Fukumoto and J. Tsujii) BEFNE
HEMEABBTHDI I TRAS ) VTR, HEROFTHETI,
EHFE NPT HUERD o720, 3BT S 2L HZOEUH]
BB o7z h L7AS, TOFER, monolingual KB 8172
SHROEEL G2 5. WHRE, [EIRIICEM L 2Bz o>
FHRAMCHRET L] . SHE, FLLEOEESTRIS LD,
FEARMITH, overlapping clustering(l DD b Y RO - 5
AYRKBTAHILEHT) £ 78 h/: WS) TE
B verb-noun X7 DA%V ERTIE, BB 69.2%. 7z, 4t
DEe4A T2 GE Lk DA DY (noun,adverb, prepaosition) TEER
%4772\, noun-verb 25 b FEAT 2, W { O PDBEIZ OV
Tit, DR L OHAEDEDHHFIVERESX BT LR
L7

COLING, pp.769-774, “An Experiment on Learning
Appropriate Selectional Restrictions from a Parsed Cor-
pus,” (F. R. Framis) HSU#T & 7o — N2 o8O
FUHl# (<verb,syntactic-relation,noun-category>) %Hith¥4 5
k. FEOSH (WordNet) & I —2%R (Treebank) 25, %
2 WO S ST B 7o I EHERE Fv 5.

COLING, pp.1054-1058, “N-Gram Cluster Identifica-
tion During Empirical Knowledge Representation Gen-
eration,” (R. Collier) ##FC#H 5 TT, HH% n-gram (&
BETLSSBLTYS) 2L, #h b2 AT EB Lz
F7 7 7% ROVAFE BUALINTF ST IEROFAZ LI
L oT, ARMLBESLMAZ EHFTESL. FENLAREIEL
B WEESICHE R T

2.3 BIRAFROREE

COLING, pp.57-63, “Two Methods for Learning ALT-
J/E Translation Rules from Examples and a Semantic




Hierarchy” (H. Almuallim et. al.) HAE & HEOEHRH
26 BASEBFOR LT 22T T2 4 X 7 128T, Haus-
sler D7V TY XA E Quinlan D ID3 X FVCIERES # 18 L
TWo, MEDHEE S BLZ 0% LDEMETH Y, A
fEB LD b LVHRFBONTVE, L L, Thb0FETR
class overlapping 2%% % & 5 % (BR) ML —=vr/F—5 %
WA ZVEWVIEYND .

COLING, pp.727-731, “Verbal Case Frame Acquisition
From a Bilingual Corpus:Gradual Knowledge Acquisi-
tion,” (H. Tanaka) EtE#RE AFABHEICEETL L0
Lo THUER I MG 21772 5 Ml #4298 L, SEEERDEIOR
LoV %477 5 72912 tagged bilingual corpus 7SI L7247
Lb—ad b, WEARY ID3 2 HWTEETLERICOVTRAT
V5. 16 BOIGERF (come,get,give B ¥) 12DV TH 41,000
SREBEDBG & FEETHEM LEBRE T2 o 2R, 57 —%°
RECTD WRBREICNE > TW5, T, 2EOKESL O
PERLBNI NG — IR SN E PR ERTVS, 7z,
DI AT EoTHE VR ZEBEESB LTV,

3 77— a>

3.1 TIA2Xh

WVLC, pp.44-56, “Iterative Alignment of Syntactic Struc-

tures for a Bilingual Corpus,” (R. Grishman) X4
B HREFENDIERT — /3 R % T BT L~V TRt isAT
FEFTR D T LT, XOWIIRTOERE L 1T 5 F8 £4 O
i3, BEERMOBIGR £ LT subj, obj, adjective modifier &0 F ~ L
RO TR S NS, 0L (BEICE 5%V IE
BLShAREEAVA T LT, HBMBML HEEM0—3, B
LUBARO—FEDT NV TY AT, #HiHT £47% 9 2 L 5T
& 2. HIHT 4T bR v &, BRI OERSIE 43% TH 5
PEEOCORETHTNVITVXL VB &, 590%H.ET 2
CEHRE SN TV D, BERM OIS HT I REE 4 v
VA, FHEIHRIEHT IS EDRFST B H TR LB, B
TD1Y/BIETRAED b, ATHEEEIL 48%,1/3 T52% L o7z, ¥
72, WIEHHT & 7% o T, 1 5 N BEEAR T 23R8
U, BRIV 2477 5 P24 0 K3 &, $HHEEDS 48%,53%,
S9%ELMEL: (3 HEDMIEIAL 2b%do 72).

COLING, pp.166-171,“A Part-of-Speech-Based Align-
ment Algerithm,” (K. Chen and H. Chen) &5 bilingual
corpus DIET 5 XMEOB/MEFEL OB T, bk 2 2 5
FOBIRIILALELWELT, FhEeFrhic alignment %
T2 3. 1> 20§(> 1) DIGHE SRS text PR OMRTHT
BT 233 BE 613, 810 FH A b 355 3¢

COLING, pp.515-521, “Towards Automatic Extraction
of Monolingual and Bilingual Terminology,” (B. Daille
et al.) 2§EA 5% 5 terminology(HEAEE) 27X A M5 H
BEICHIET 5. NOUN,, NOUN, DT T, BE/EHItE
L, NOUN; of NOUN; SFIL b DL LTHMT 5. 0% 1,
interference level, interference levels, level of interference, levels
of interference i3, £ T U (interference level) X7 & LT
3. SOEXIBRNTEME L LT, 20855 term & LTOE
MR EBNICIHEL, BETEELBIRT 2. 2OMEL AR
Pterm & LTRGTRE LYW LARBLERTE LT 5

EEFHIT 5. ¥ 22 & LT, monolingual T—/%% (1LEE) »»
50 term DM &, ZD term 1237 LT bilingual I—/¥& >
b, R HEME (2 THRIEE) THET S term ZHIH T 208
247722 Tv %, monolingual T—/SZA 25O term HET, term
PE)PEHET BIEOR SR S H 5T 5 OB BB
BETH D, bilingual T —/32A SOIED & N7z term DL DY
FRODDBBEBDOFEL AR LB E ot b v )R HE
LTwa, I—/3R1iZ, telecommunication D42 L T D
LIS 4K 0.2MW 5% 5855 S 2 Db DR VTV,

COLING, pp.1076-1082, “Bilingual Text Matching Us-
ing Bilingual Dictionary and Statistics,” (T. Utsuro et
al.) 2 ODOFHRDILEMO—H CCMIB, B L UTHOBEEDK
) 01 DFHL Bk LTI, 5O IR S o TR
TIROAIER L L D TH B, TOHRLTE, BT LT
YZXLEPLIZRARTW S, SOHEOFE, $SHT & A5
DREZERLIY AFIvsT7ar5 307, 7, dRFT0
HWE T, IBHEEATE Y, RIS 2 VRN & Bl
D7D, FEOMEMAFHE & h, ZOBHE Hn, BRSO
EfHT 2. EOMENEY HHET 27201013, $ERMITH Gale &
Kay OFie% V525, B2 WEOMBEN #5183 5 1218,2
DOFHAE AR LTV, 1 D1, Bb 208 e iRas
FOLY b YFHIET 5 b OOHRITIHET ) Bk, $)TD
HREZFERIRD FET, § 9 1 2, HEFORES BB S+
NTANLED S B FETh 2. /I, BUDOFETO
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Context ¥ —f&{t 4 5% 4 WHEAT L CEBRLIER, 9
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TRILCHESERAY (I VYO RL L) $OR2 2B THET
570, HESNBN— VDt y FHRRY, KEOXEAIL
1o ETHEDOR O — R (ETREN— NI —D Ll
BO) BESEM RN —VEBIRT B2 LT, HOBVI— I (415
MEONB LERLTWD, /0, ATIPEDOFRTHH720,
ANEOMEEELLELETIC, HRINCKEDOT — 7 2 0ET
&%, WSJ DFLH 19,200 3¢ (71,294 35) 25 7% 5 D I—/8A L
TEBREZATZV, that 2T 1,000 XORED & WREO IV — b
PR LAEREHRELTWS, L L, B, Fok
N — AL TE T, ED & 5 REEANE: Ul » ORI
%L, EXRERAR LT LD 7 A XDMERLHPVTER TN X
W CEEIENEELIOND,
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HTEDLETHL. ZON—FIXKD 5 DOEFIHPR TN
5.(1) FFA M REE L CHALICHE (2) STRE VR VR
W (3) M- WEEORE AV Iz 8 T (4) BERERE WSS
DEFIRN (5) PREBEDOH. CLAWS Of5RUL, BA/DE
& (R LEE 3,000 BERLE) 2 VT BRI D ¥ 725 T A
BE957 €y FRUBRLTWAI L TH A, 4 &y M3, B4t
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