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Proper Name Extraction from English Newspaper Articles
Takahiro Wakao
University of Sheffield, Computer Science Department

[visiting] NEC Corporation, Information Technology Research Laboratories,
Human Language Research Laboratory
1-1, Miyazaki 4-Chome Miyamae-ku, Kawasaki, Kanagawa, 216, Japan
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One of the tasks at the latest Message Understanding Conference (MUC-6, November
1995) was to extract proper names from newswire text. Several systems showed good scores
at their evaluation of the MUC convention. We will illustrate how, one of such systems,
University of Sheffield information extraction system, works for extracting proper names

from English newspaper articles.
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