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Markov Model is a popular instrument for a statistical Part-of-Speech tagging. However, the normal model
cannot cope with exceptional phenomena. To remedy the weakness, we introduce two types of extension to
the model. One is to use word-level statistics, and the other is selective tri-gram. We introduce an error-
driven method for the selection of words and tri-gram contexts. We show how our extension is effective
through various experiments.
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