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English Dependency Parsing Based on Support Vector Machine

MivyATA Takashi, YAMAMOTO Kaoru, and MATSUMOTO Yuji
Graduate School of Information Science, Nara Institute of Science and Technology

We have developed a chunk-based English dependency parser using Support Vector Machine. First, we
use corpus of dependency structure among chunks which is translated from phrase structure provided
in Penn treebank. Support Vector Machine is used to train to estimate if a given pair of chunks are in
dependency relation or not. The parser segments into chunks, and calls the model trained by Support
Vector Machine to determine if two chunks depend on each other. Our preliminary experiment shows
that the parser achieves 10-13% accuracy on sentence-level, 70-73% on chunk-level. Assuming that
all dependencies in chunks be correct, these results can be considered to correspond 80-85% in word-
dependency accuracy. We also investigate impacts against parsing accuracy and find out that words
before and after the chunk contributes our parsing performance.
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