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We propose a method for extracting and classifying technical terms from MEDLINE abstracts in the molecular-
biology domain. In our method, we use substrings of the terms as features in addition to the information of
strings and parts-of-speech. Then we construct a human annotated corpus of technical terms , and apply Support
Vector Machines to learn rules for automatic identification and classification of technical terms. Empirical results
demonstrate the effectiveness of our method.
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