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In this paper, we apply cascaded chunking to Japanese dependency structure analysis. A conventional
approach consists of two steps: First, dependency matrix is constructed, in which each elemént represents
the probability of a dependency. Second, an optimal combination of dependencies are determined from
the matrix. However, this method is not always efficient since we have to calculate all the probabilities
of candidates. Our proposed cascaded chunking model is quite simple and efficient, since it estimates
whether current segment modifies immediately right-hand side segment to parse a sentence. In addition,
proposed model does not assume the independence constraints in ‘dependency relation. Experimental
results on Kyoto University corpus show that our system achieves accuracy of 89.29%, higher than that
of our previous system, as well as improves the efficiency of parsing,.
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FTABEVIEE 9 FhLHEIL, HELEMRR
(EDEERE AV 5 0%) ’5:%*'9‘6 HT%5.

—7 SVM iZ, Kernel BEUC L VETEELREZ S
B REOERELERTELEFHETHY,
DZIEIICELTWS. $72, SVM 352 bh 7
EUBIEF L 2BV b 2 o0, fhoF
TIChR, HEZFREERTER L2V, EBIS, X
ESHEOICRARICBVT, B 2 BELER L

THMETE D 5 OERIIEOERTOLE LIZS Vi
8Boosting & SVM idw—J v DiRx K, st FENRERL S,
A, SR [6]) A BRI,

KNP | #8%F
B0 S ERE | 80.68% | 89.41%
BFIREEEEE | 76.32% | 65.87%

% 5: KNP & ik

Src & Dst DHETE

I_lr“lvl 1l"1
WI-

BRNLBHRE

Botr, BEARD A IR EEDIET L7245, SVM 143
BTk CREENTLL L7z £\ i [16] 2¢
BB LN, ZOBELRNI TS,

4.5 SHEOEE

[ HUAEE AR
FEHFOFEUEICEE LT HEFIEE R BER (RB
T B — V=20 BARERD FITEITEE KNP (8]
WHbH. REFEE KNP 2 TFTOTOo08E» 5
L.

1. R SZTEITORBE

2. WL GO/ HE
BB, FRI—NRAFEEINTVEBY I T
DHEL, BEDRY 1478, BFDy 4 72 KRIL,
WOy 72545 ETEHTESL., Z0HIC
i3, SVM % ZESHERICIRT 20BN H 508, =
ESHSR T L ESTERCUETIFED—DOTH B
pairwise IEx 7z, ERIZIK, TR P F—F oty
5, KNP OXHIRY Y BEEL KT 2 XDOA %R
LB EfFolz, TOBREERS IIRT. 251, 5
EERE L L, B & F BN G ENTRTOLHE D
I, BV EL Y SEELLAETELESETET.

R0 ZTE B OBITHREL, KNP IClb_ETF% o
TiEWwHb00, ZIZRABEOKR L & -7:. KNP
PHRRKI—NRAZRIZAFCFa—v LEV—A»
LERINDTBY, ZOBED, wbwaruo—X
FF—F Il T0bDTHEILEEZLE, HAD
REFEITIMMENDHLBETHLLELL.

—%, EFHEEOEIL, KNP 12~ 10% Bk
HoTwb., Zhud, FREFES, Bty 2BEED
HEERB LRV LB TAETNTH S LIZER
5. KNP &, 55O LSS, BLHI>0E
u«‘i%iﬂ%ﬁ@&%)ﬁw% L, $80) 3ZF ORI &
LCHFIEERT 2RI LTV (8. Lo Lidts,
BUEORBERIVEDOF— 5 #BEIILEHS, B
BICER XN TBh, BEE, —BHE v Bk
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RADHES. AL, =S A0 SIETICFET § B4
MIEESY, e EI LR ERLFIHE
LadbitpkE 2 FE L, FOEHRT AFHRICRD
ANBIET, oA EENEEEoTVENE
EZTW5H,

[BHEUSEME O S 7 3R Z)

KT, ERE L2 =HOHEY (A,B,C) %it
EL, TSR ZTBITCENTHLFEZRL
7o, —HTERAOREFRT, EH LTS ZIXHE X
DAT—=TDRVH SO HH) BERIBINFEEL L
TERBTHTH D720, 6 D LI, ThbDHELR
ZHEETERNICET-FEE (A,B,0) bEINES
DEFELZDHIB. L2L, TLEICERZHEPLLT
Wk BEEICKRV o720, EEOH THEY
b7, EBEEL LT, SNLOBRNRENE
BrLrDLIITRBLE4OETERIEZ00b
ML % 5. 4%, BROZBVREL &, BINE
HICHEL, S5 %AEETVIVEZEZI TS,

[#5 SCHR D &)

By BEROREI, RYELD BHEHFICH B LET
(#7530 DAL PR oTETW A, AT
Lk, RYBIMRE [484] TBZ 5] [Fa1] & 301
FFBIETHAXREERL T3 [10]. LAL,
FhENOBFEOMYHzEiRE LT L ok
W, F7, ETOBRTXREERET 5720, $FE9E
{7, JARXRERBARVLEREBETIEELTL
TS 5. £ b, XEFHVWTERY FO
BRERD, TR0 ORMBEBEOLETICAND Z
T, BAXREZRL T3 [15]. ZOFEE, #M
SWFIRET LULELR L, BB 2B N
HIXRDAEFHNBDT) A ZDRAL D2, i
1, 2L DFEICETE BANREERLIVE
x5, FOBE, £S5 RBFEOTEE BTV A,
BAEOENFTLICECIRETCO BT IR 2 5F
HEORETHAT .

5 &

FETI, Fy o XU SOBBERIC L2 LR
NZIHITEFVERE LS. ZOETFIIG, (ERE
AT VT X LB EVEMTEETHS
W Dhbbd, REEASEILFNULOBWEE
(89.290%) # R T Z LG ots. IHIL, FHLT
WBIXE L DRV — TR BRIETRTE
e LTHERTEETSH D, ZROPRD ZITBITIOR
DTHEGHTHLZ L ERLL.
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