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Collecting Pro and Con Opinions for Current Topics
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On the World Wide Web, the volume of subjective information, such as opinions and reviews,
has been increasing rapidly. The trends and rules latent in a large set of subjective descriptions
can potentially be useful for decision-making purposes. We have been developing a system that
summarizes and visualizes subjective descriptions. To fully automate our system, in this paper
we propose a method to selectively collect pro and con opinions for current topics from the Web.
Our method is based on the two-stage retrieval, which consists of high precision retrieval and
high recall retrieval stages. In the first stage, given a topic keyword, we use expressions specific
to pro or con opinions as queries to search the Web. In the second stage, we extract related
terms from the retrieved pages and use these terms as additional query terms. We evaluate the

effectiveness of our method experimentally.
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