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Multi-labeling of Documents based on F-score Maximization

Akinori FUJINO Hideki ISOZAKI Jun SUZUKI

NTT Communication Science Laboratories, NTT Corporation

Abstract: Text categorization is generally defined as a multi-labeling problem, where multiple category
labels are assigned to each text document. We focus on machine learning approaches to multi-labeling
problems and present a classifier design method based on model combination and Fj-score maximization.
In our formulation, we first design multiple models for binary classification per category label, which
determine whether a category label is assigned or not to each data sample. Then, we combine these
models to maximize the Fi-score of a training dataset. Using three real text datasets, we confirmed
experimentally that our proposed method was useful especially for the datasets where many category
labels were assigned to each data sample and which consisted of many combinations of category labels.
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