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Abstract We propose a general and scalable method to estimate bloggers’ unstated profiles. Recently,
trend analysis based on weblogs is gaining popularity, and blogger profiles provide us more detailed inter-
pretation of data. None of previous studies proposed a method generally applicable to different attributes.
In this paper, we reduce blogger profile estimation to text classification, using Complement Naive Bayes
with feature selection based on x2 value. We applied our proposed general method to real weblog data,

and experimental results show the its effectiveness and scalability.
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