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Pedestrian Recognition using StereoVision and
Histogram of Oriented Gradients(HOG)
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Abstract In late years, traffic fatalities in the pedestrian percentage is growing. Therefore, pedestrian aimed at
the prevention of traffic accidents is to build the system demands. In this paper, as a part of the prevention of
traffic accident system for the pedestrian, I propose pedestrian recognition using stereo vision and histogram of
oriented gradient(HOG). First, we abstract pedestrian area from disparity image which is obtained from stereo
vision. Next, we created edge image from the original image with Soble Filter. And abstract only edge included
in pedestrian area. We perform HOG process for the edge image, and get the HOG feature. We perform
pedestrian recognition with Naive Bayes Classifier using HOG feature. As inspection of this technique, I
performed inspection by the ROC curve and inspection with a database for inspection. We showed that this
approach was effective as pedestrian recognition method.
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