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Abstract

In this paper, we show a supporting system of making’ a survey. When we start a research
in a domain, it is easy to grasp the outline of the domain if there exists a survey. However
that kind of survey doesn’t always exist. Therefore, we present a method to support human to
make a summary for multiple papers. To support, we use the reference relationships between

papers. Then, we built up a system using this reference information.
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( (1)Recently, rule-based approaches are

re-studied to cope with the limitations of
statistical approaches by learning the
tagging rules automatically from the
corpus [Brill94].
(2)Some systems even perform the POS
tagging as part of syntactic analysis
process [Voutilainen95].
| (3)However, the rule-based approaches
alone are in general not robust to handle
the unknown words , and is not flexible
to adjust to the new tag-sets and
' languages.
(4)Also the performance is usually no
better than the statistical counterparts
[Brill94].
(5)To gain flexibility and robustness
and also to overcome the limited win-
dow range . of statistical approaches,
we need a method that cam combine

both statistical and rule-based approaches

[Tapanainen94].
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