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A'metrlc index, MetricMatrix, and effectiveness of metric indices
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We propose a metric index, named MetricMatrix, which supports efficient near neighbour
searches in an arbitrary metric space. MetricMatrix is a memory-resident, static index. Its
distinct feature is the simple structure, which is profitable for applications. In this paper, we
present its structure and procedures for construction and near neighbour searches. Experi-

mental results are also presented. Finally, we discuss the effectiveness of metric indices.
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