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Abstract We propose a new architecture for Kohonen type Self-Organizing Feaiure‘Mﬁp. The
network consists of a few "Upper Class Units” and the rest, called "Lower Class
Units”. The Upper Class Units act as controller of the others (like opinion leaders
in society). With this architecture, we can get a topographic preserving maps as
) well ;s conventional one and reduce thebload in learning process, resulting.}aster

convergence. Quality measures for evaluating the topographic preserving maps are

also proposed.
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Example 3 145 8.6 1536 814

Table 1 Population of 41x41 Neural Units
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Fig.9 Distribution of Weight Vector
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