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A Paradlgm for Mutual Retrieval Between Speech
Image and Text

— Multi-modal Example Based*Approach —

Ryuichi Oka

Tsukuba Research Center
Real World Computing Partnership

Abstract A methodology for mutual retrieval among speech, still image, motion image and
text databases is discussed. Each retrieval method consists of a self-organizing algorithm and a
retrieval engine. The self—orgamzmg algorithm based on multi-modal example databases seems
promissing. Two self-organizing algorithms are introduced to obtain orgamzed databa.ses
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