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Comparison Method for Decision Trees to Analyze Concept Drift

HaruNoBU KuBof!

In various applications, it is an important research theme to get to know the feature of
streaming data which are changing in time. For example, in analysis of purchase history
information, it is very important to catch the continuity of a purchase trend and its change,
and it forces a life-and-death problem for the company. In stream data mining, a change of
the feature of time series data is detected by using classifiers. Such change is called a concept
drift. The change of decision trees are considered as the concept drift. We use decision tree as
classifiers because it has rich explanation ability of the streaming data. In general to compare
decision trees is difficult problem. We introduce the method to compare two decision trees
and detect a concept drift based on the comparison method of decision trees.
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